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A B S T R A C T

High temperatures in summer can prevent people from using urban green spaces. Irrigating ur-
ban green spaces is a promising strategy to reduce temperatures. In this study, we aimed to a)
identify the proportional contribution of different irrigation cooling mechanisms and b) quan-
tify the impacts of different irrigation amounts (from 2 to 30 mm d−1) on the cooling effect of ir-
rigating turfgrass in Melbourne, Australia. We first used a field experiment in Melbourne to pro-
vide empirical data to calibrate and verify the performance of an urban ecohydrological model,
UT&C. Then, we used UT&C to predict the impacts of irrigating turfgrass on evapotranspiration,
the energy balance and microclimate. UT&C predicted that irrigating turfgrass 4 mm d−1 would
increase the evaporation from grass canopy and soil surface by 0.2 and 0.6 mm d−1, respec-
tively, whereas it would reduce transpiration by 0.6 mm d−1 due to intercepted water covering
part of the grass canopy following the irrigation. UT&C predicted that daytime (10:00–16:59)
mean air temperature reductions would increase from 0.2 to 0.4 °C when the irrigation amount
increased from 2 to 4 mm d−1. However, increasing the irrigation amount beyond 4 mm d−1

would not increase the cooling benefits.

1. Introduction

Urban green spaces are important for physical and social activities in cities. The use of urban green spaces is strongly dependent
on the thermal conditions of the space (Cheung and Jim, 2018) and high temperatures in summer can prevent people from using ur-
ban green spaces (Hao et al., 2023). Various mitigation strategies have been proposed to reduce the air temperature of urban green
spaces in summer and these strategies can be divided into four major types (Lai et al., 2019): provision of shade, addition of vegeta-
tion, modification of surface reflectivity and water-based cooling. While the first three strategies have been widely studied in the past
few decades (Santamouris et al., 2017), water-based cooling has received much less attention.

Irrigating urban green spaces is a promising water-based cooling strategy for cities (Coutts et al., 2013; Livesley et al., 2021). To
make such a strategy acceptable it is important to make use of alternative water sources (e.g. stormwater harvesting, recycled waste
water) so that cooling is not promoted at the cost of potable water resources. Stormwater harvest has been demonstrated to be effec-
tive in water saving, particularly in the dry regions (Zhang et al., 2023). A modelling study predicted that irrigating all vegetated sur-
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faces in the metropolitan region of Sydney, Australia could reduce daily mean air temperature by 0.5 °C during a heatwave (Gao et
al., 2020). In comparison, under normal summer conditions, irrigating turf has been measured to reduce daytime mean air tempera-
ture in small urban green spaces by 0.6 °C in Melbourne, Australia (Cheung et al., 2022a). The cooling effect of irrigation can be best
understood and explained by analysing the surface energy balance. On a homogenous turf surface, the energy balance can be ex-
pressed as:

(1)

where Q⁎ is the all-wave net radiation [W m−2], Qf the anthropogenic heat flux [W m−2], QE the latent heat flux [W m−2], QH the
sensible heat flux [W m−2] and ∆QS the net storage heat flux [W m−2] (Oke, 1988). Most modelling studies predicted that irrigation
would reduce air temperature as a result of a reduction in sensible heat flux and an increase in latent heat flux through evapotranspi-
ration (Gao et al., 2020; Wang et al., 2019). Evapotranspiration can be partitioned into evaporation from wet surfaces and transpira-
tion (Kool et al., 2014). For a surface covered by grass, evaporation can occur for water on the grass canopy, ponded surface water or
soil water evaporated through the soil surface (Meili et al., 2020). The proportional contribution of these evaporation and transpira-
tion processes to an increase in latent heat flux when irrigating urban green spaces has not been adequately simulated. This is because
many urban canopy models over-simplify plant physiological processes and sometimes omit some interactions between vegetation
and hydrology (Meili et al., 2020). Partitioning evapotranspiration into its constituent evaporation and transpiration processes is im-
portant to understand the mechanism leading to the irrigation cooling effect and predict the magnitude of such.

Irrigation amount is a key factor that influences the level of cooling benefit received by irrigating urban green spaces (Cheung et
al., 2022b). As opposed to agricultural irrigation which aims to maximise plant water use efficiency (Zhang et al., 2022b), urban
green space irrigation can be used to maximise the cooling benefits in these green spaces in addition to meeting plant water require-
ments. A modelling study in Adelaide, Australia predicted that the relationship between daily mean air temperature reduction and ir-
rigation amount was almost linear, providing 0.5 °C from 5 mm d−1 up to 1.8 °C cooling from 15 mm d−1 during a heatwave
(Broadbent et al., 2018). The same study predicted that additional cooling benefits from increasing irrigation above 15 mm d−1 were
negligible as evapotranspiration was no longer limited by the supply of soil moisture, but rather the evaporative demand of the atmos-
phere, i.e., weather conditions. Most studies have focused on the cooling benefits of irrigation during heatwaves (Broadbent et al.,
2018; Daniel et al., 2018; Gao et al., 2020) and the impacts of different daily irrigation amounts on the cooling benefits of irrigation in
normal summer conditions are not well understood. Since the maximum cooling benefit that can be achieved with a reasonable irriga-
tion amount can vary with background climate and weather conditions (Cheung et al., 2022b), it is important to understand impacts
of daily irrigation amount on the cooling benefits of irrigation to inform the management of urban green spaces for optimal cooling.

This study was performed in Melbourne, Australia during the summer months (December–February) which are often warm and
dry. Consequently, the soils in unirrigated green spaces can be expected to dry up in summer and reduce the evapotranspiration of
vegetation due to soil moisture limitations (Huang and Fry, 2000). One study found that reduced evapotranspiration can make the
surface temperature of unirrigated turfgrass as warm as paved surfaces in summer (Spronken-Smith and Oke, 1998). Serious droughts
can occur in Melbourne and the last one has lasted for more than a decade from 1997 to 2009 (Grant et al., 2013). Droughts can lead
to widespread decline in vegetation health (May et al., 2013) and their ecosystem benefits including their cooling effects in Mel-
bourne (Sanusi and Livesley, 2020). Hence, irrigating urban green spaces in Melbourne is important to sustain the health and evapo-
transpirative cooling of its vegetation.

In this study, a replicated field experiment was first set up to measure the impacts of irrigating 36 m2 plots of turf with different
amounts of water on microclimate, soil moisture content and soil temperature for two consecutive summers in Melbourne, Australia.
The experimental data were used to test and evaluate the performance of a mechanistic urban ecohydrological model, UT&C (Meili et
al., 2020). UT&C was subsequently used to model the impacts of irrigating turf on the surface energy balance and evapotranspiration
processes, as well as the impacts of different daily irrigation amounts on irrigation cooling benefits in normal summer conditions. This
study has two main objectives:

(1) identify the proportional contribution of different irrigation cooling mechanisms; and.
(2) quantify the impacts of different irrigation amounts (from 2 to 30 mm d−1) on the cooling effect of irrigating turfgrass in

Melbourne, Australia during normal summer conditions.

This study is unique because a replicated experiment with controlled treatments was conducted to disentangle certain contribu-
tory factors and mechanisms of irrigation cooling effect. Both above- and below-ground observations were taken in the experiment to
evaluate the performance of UT&C comprehensively. This study can contribute to the development of climate adaptation strategies
for cities because it directly measured and assessed the cooling benefits of a promising cooling strategy.

2. Methods and materials

2.1. Experiment to measure impacts of irrigating turf on microclimate and soil temperature

A field experiment was set up at the Burnley Campus of the University of Melbourne, Australia (−37.8, 145.0) to collect testing
and model evaluation data. The site is classified as Local Climate Zone B (scattered trees) (Demuzere et al., 2022) under the local cli-
mate zone classification system (Stewart and Oke, 2012). The experiment consisted of six identical plots (6 × 6 m, 36 m2). Three of
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the plots were irrigated at 13:00 local time every day and the remaining three were unirrigated. In each plot, four 90° Hunter Rotator
nozzles (MP-1000) were installed at the corners and one 360° nozzle at the centre to deliver the irrigation. Since a climate station was
installed at the centre of each plot, the nozzles were carefully adjusted such that the water did not hit the sensors of the climate station
(Fig. 1). The irrigation volumes were measured by Nymet flow sensors. A 1.8 m tall 70% shade cloth (SOLARSHADE™) was used to
enclose the plots to reduce air mixing between the plots and the environment (Fig. 1). The plot ground surface was covered by turf-
grass, which was mowed to approximately 50 mm tall every two weeks. The dominant grass species was Kikuyu (Pennisetum Clandes-
tinum). The top soil (5–10 cm) was sandy loam (sand:silt:clay = 0.7:0.2:0.1) and the subsoil (50–55 cm) was sandy clay
(sand:silt:clay = 0.5:0.1:0.4). The organic matter content of the soil was approximately 0.06 (6%).

In each plot, air temperature, vapour pressure, and wind speed were continuously measured at a height of 1.1 m above the ground
and soil moisture content and soil temperature continuously measured at a soil depth of 0.05 m. In one irrigated and one unirrigated
plot, incoming and outgoing longwave and shortwave radiation and turf surface temperature were also measured. A reference climate
station was located within 30 m of these six experimental plots to provide reference climate conditions and forcing data for the
model. All variables were measured every 10 s and 1 min averages were logged. The mean value of a variable between, e.g., 13:00
and 13:59, was registered at 14:00. The measurement heights and specifications of the climate and soil instruments are listed in Table
1. The model testing data set (2021-01-21 to 2021-03-02, 41 days) consisted of one irrigated (4 mm d−1) and one unirrigated plot.
The model evaluation data set (2022-01-28 to 2022-03-06, 38 days) consisted of three irrigated and three unirrigated plots; the irri-
gated plots received 2 mm d−1 from 2022 to 01-28 to 2022-02-08 and 4 mm d−1from 2022-02-09 to 2022-03-06. The model testing
data set was used to identify the optimal levels of six important parameters for the study site (explained in Section 2.3) and the model
evaluation data set was used to evaluate the model performance (explained in Section 2.4).

Fig. 1. Six identical plots (6 × 6 m) were set up at the Burnley Campus of the University of Melbourne. Three were unirrigated and three received 4 mm of irrigation
at 13:00 every day. Each plot was surrounded by 1.8-m tall 70% shade cloth (SOLARSHADE™) and a climate station was installed at the centre of each plot to continu-
ously monitor the microclimate, soil temperature and soil moisture content.

Table 1
Specifications of the climate and soil instruments.
Location Mode l and brand Variab le Ac cu racy Height/depth

(m )

ATMOS14, ME TER Air temp erature ±0 .2 °C 1.1
Vapour pressure ±1 .5% @ 25 °C 1.1

CNR4, Kipp & Zonen Incoming longwave radiation (4 .5–42 μm) <1 0% (daily total) 1.5
Incoming shortwave radiation
(300 –28 00 nm )

<5 % (daily total)

Outgoing longwave radiation (4 .5–42 μm) <1 0% (daily total)
Outgoing shortwave radiation
(300 –28 00 nm )

<5 % (daily total)

CS65 0, Camp be ll Scientific Soil moisture conten t ±3 % −0 .05
Soil temp erature ±1 °C

SI-11 1, Ap ogee Turf surface temp erature ±0 .2 °C (−10 °C to +65 °C) 1.5
Referenc e 05 10 3, Camp be ll Scientific Wind speed ±0 .3 m/ s 2.0

HMP1 55 , Camp be ll
Scientific

Air temp erature ±(0 .055 + 0.00 57 × air
temp erature)

2.0

Relative hu midity ±1 % 2.0
TB4, Camp be ll Scientific Rainfall ±2 % 2.0
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Melbourne has a temperate oceanic climate (Köppen climate classification: Cfb). The mean summer air temperature is 21.0 °C and
the mean summer rainfall is 155.3 mm (Bureau of Meteorology, 2023). The mean reference crop evapotranspiration in January in
Melbourne is approximately 3.8 mm d−1 (City West Water, 2023). In the model testing period, the mean air temperature was 20.0 °C
and the total rainfall was 66 mm (Fig. S1). There were eight days with maximum hourly air temperature > 30.0 °C. In the model
evaluation period, the mean air temperature was 21.6 °C and the total rainfall was 120.4 mm (Fig. 2). There were 23 days with maxi-
mum hourly air temperature > 30.0 °C. The weather in both the model testing period and the model evaluation period was similar to
the long-term average weather except the rainfall in the model testing period which was somewhat less than the long-term mean.

2.2. Model description

Urban Tethys-Chloris (UT&C) is a mechanistic model that combines an urban canyon scheme with detailed ecohydrological com-
ponents (Meili et al., 2020). UT&C solves the energy and water budgets at a neighbourhood scale and the simulation space of UT&C is
a two-dimensional infinite urban canyon which is defined by average building height and canyon width. The ground surface can be a
combination of vegetated (grass), bare soil and impervious fractions. UT&C can simulate the structural, optical, interception and
physiological properties separately for grass and/or trees. Transpiration of grass (and/or trees) is calculated based on meteorological
conditions, soil moisture accessed by roots and plant photosynthetic activity (Meili et al., 2020).

UT&C can partition rainfall or sprinkler irrigation into grass canopy interception and throughfall to soil surface. The fraction of
water intercepted by plant canopy is calculated following the Rutter model (Fatichi et al., 2012; Rutter et al., 1971). The plant canopy
is further divided into a wet and a dry fraction (Deardorff, 1978). Transpiration only occurs from the dry vegetation canopy fraction
while evaporation occurs from the wet vegetation canopy fraction. If rainfall or irrigation exceeds the infiltration rate of the soil,
ponded surface water is formed which eventually evaporates. Evaporation also occurs from the soil surface below the plant canopy.
Effectively, in the absence of trees, UT&C partitions evapotranspiration into four processes, namely evaporation from the wet fraction
of the grass canopy, evaporation from soil surface, evaporation from ponding surface water and transpiration from grass. UT&C can
simulate sprinkler irrigation (irrigate onto the plant canopy) or drip irrigation (irrigation onto the ground surface) in each time step.
UT&C is suitable for our irrigation simulation study because it allows irrigation to be applied onto the plant canopy surface, at a pre-
cise time and with a precise amount, includes detailed representations of the interactions between vegetation and hydrology, and en-
ables partitioning of evapotranspiration.

UT&C calculates a) air temperature and vapour pressure at 2 m above ground, b) turf surface temperature and c) soil temperature
by solving the urban energy (Eq. (1)) and water (Eq. (2)) budgets:

(2)

where P is the rainfall [kg m−2 s−1], Ir the irrigation [kg m−2 s−1], R the surface runoff [kg m−2 s−1], E the evapotranspiration
[kg m−2 s−1], Lk the deep drainage [kg m−2 s−1] and ∆S the change in soil water storage [kg m−2 s−1]. A detailed model description
can be found in Meili et al. (2020).

Fig. 2. Daily minimum, mean and maximum air temperatures and rainfall of the model evaluation period (2022-01-28 to 2022-03-06, 38 days).
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2.3. Model set up for irrigation study

For our UT&C simulations, we set up a shallow canyon (ground width = 50 m; building height = 5 m) with fully grass-covered
ground surface to mimic the open vegetated area of the experimental plots (Table S1). Although the simulation set-up and the experi-
mental plots were different in geometry, the surface energy balance and microclimate were comparable for two reasons. Firstly, the
simulated roof heat fluxes in UT&C do not interact with the heat fluxes inside the canyon. Secondly, test simulations indicated that
the sensible heat flux from the canyon walls in this wide and shallow canyon set-up had little impact on canyon daytime air tempera-
ture (Fig. S4) and daytime and night-time ground surface temperatures inside the canyon (Fig. S5). Furthermore, the capability of
UT&C to simulate the surface energy balance and microclimate with a wide and shallow canyon to represent large open green spaces
has also been proven in a previous study analysing urban heat islands (Zhang et al., 2022a). Such a UT&C set-up can provide a reason-
able approximation of our experimental plots in terms of surface energy balance and microclimate. Since the main analysis in this
study considered the microclimatic differences between the irrigated and unirrigated scenarios, the errors arising from the geometric
differences would be cancelled out, assuming that the geometric differences affected the two scenarios in a similar way.

The height of the grass was set to 0.1 m which was the average height of the grass during the experiments (Table S2). We used the
optical and physiological parameters for grass from Meili et al. (2020), such as canopy light extinction coefficient, root length index,
soil water potential at 50% stomatal closure and canopy nitrogen decay coefficient. We also used the soil, interception and runoff pa-
rameters from Meili et al. (2020), such as hydraulic conductivity and maximum interception capacity (Table S3). Anthropogenic heat
input was assumed to be zero for the site (Table S4). We identified six important parameters that were highly site-specific and tested
them to determine the optimal parameter settings to simulate our experiment site. The six parameters are: (i) initial soil moisture con-
tent at the start of the simulation, (ii) the depth below which soil moisture content is kept at a fixed value (here at field capacity)
[mm], (iii) ground soil composition (i.e. fraction of sand, clay and organic material) [−], (iv) empirical coefficient governing stomatal
closure as a function of vapour pressure deficit [Pa], (v) root depth (95th percentile) [mm], and (vi) maximum rubisco capacity at
25 °C at the leaf scale [μmol CO2 m−2 s−1). Four levels of each parameter were used to run the model during the model testing period
(2021-01-21 to 2021-03-02, 41 days). Root mean square errors were calculated between the hourly mean modelled air temperature
difference between the irrigated and unirrigated scenarios and the measured air temperature differences between the irrigated and
unirrigated plots. The level that resulted in the smallest root mean square error (Table S5) or was most representative of the site con-
ditions based on our local knowledge was used in the model evaluation (Section 3.1) and subsequent analysis of the impacts of irriga-
tion on the surface energy balance (Section 3.2) and the impacts of daily irrigation amounts on the cooling benefits (Section 3.3). In-
stead of calibrating the model separately for the irrigated and unirrigated scenarios, we calibrated the model based on the air temper-
ature difference between the irrigated and unirrigated scenarios because we aimed to quantify the impacts of irrigation on air temper-
ature, which required us to consider both the irrigated and unirrigated scenarios simultaneously.

We used hourly meteorological data to force the model. The forcing data were either directly measured or derived from the mea-
sured data and the ERA 5 reanalysis data (Hersbach et al., 2020). Rainfall and incoming shortwave radiation were directly measured
at the site (Table 1). The measured data at the reference climate station (2 m above ground) (Fig. 1) and the ERA5 reanalysis data
(1000 hPa, ~87 m above ground for the experimental site) were interpolated linearly to obtain the air temperature and relative hu-
midity at 80 m above ground, i.e., the atmospheric reference height of the model. Since we did not have the observational data re-
lated to the vertical profile of air temperature, relative humidity and atmospheric pressure, we had to make two assumptions when
deriving the forcing data: (i) the vertical profile of air temperature and relative humidity was linear, and (ii) the ERA5 data at
1000 hPa corresponded to exactly a height of 87 m above ground. The altitude relating to atmospheric pressure was calculated ac-
cording to Portland State Aerospace Society (2004). In reality, the exact height in meters above the surface that corresponds to
1000 hPa is also vary temporally by a small amount. It is also well known that air temperature and relative humidity do not vary lin-
early with height in the surface layer. ERA5 is not a perfect source of forcing data for this study because of its coarse spatial resolution
and poor performance in complex terrain. Nevertheless, the measured data at the reference climate station helped improve the accu-
racy of the forcing data because it provided a ground truth that reflected the local weather conditions. Wind speed from the measure-
ments at the reference climate station at 2 m was extrapolated to 80 m above ground using the exponential wind profile (Eq. (3))
(Mahat et al., 2013):

(3)

u(z) is the wind speed at height z, uh is the wind speed at canopy height h, n is an exponential decay coefficient. Two sets of forcing
data were used, one for the model testing period (2021-01-21 to 2021-03-02, 41 days) (Fig. S6) and one for the model evaluation pe-
riod (2022-01-28 to 2022-03-06, 38 days) (Fig. S7). Sprinkler irrigation was applied daily at 13:00 local time and the irrigation
amount was the same as the experiment, i.e., 4 mm d−1 for the model testing period, and 2 mm d−1 (2022-01-28 to 2022-02-08) and
4 mm d−1 (2022-02-09 to 2022-03-06) for the model evaluation period.

2.4. Model evaluation

The UT&C model was evaluated qualitatively by comparing average diurnal cycles, times series and scatter plots of the modelled
output variables to those measured. The UT&C model was also evaluated quantitatively using metrics of coefficient of determination
(R2), mean bias error (MBE), and root mean square error (RMSE). The evaluated model output variables included air temperature
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(2 m), vapour pressure (2 m), turf surface temperature and soil temperature (depth = 0–0.1 m). The evaluation was done separately
for the irrigated scenario, unirrigated scenario and the difference between the two (irrigated–unirrigated). Since the impacts of irriga-
tion on microclimate and soil temperature were distinctly different in the day and at night, the evaluation was also done separately
for daytime (10:00–16:59) and night-time (21:00–05:59) periods where applicable. The model evaluation period was from 2022 to
01-28 to 2022-03-06 (38 days).

There were anomalies in the modelled night-time data in the model evaluation period. The anomalies were due to the failure of
the energy balance to converge when the model tried to solve a non-linear equation with multiple variables (Figs. S8 and S9). We ex-
cluded the affected periods in the subsequent analysis (31 out of 912 h in Section 3.2 and 56 out of 912 h in Section 3.3).

2.5. Modelling the impacts of irrigating turf on surface energy balance and evapotranspiration processes

The model outputs of latent heat flux, sensible heat flux and soil heat flux of the irrigated and unirrigated scenarios were examined
in an average diurnal cycle to understand the impacts of irrigating turf on the surface energy balance. The model outputs also parti-
tion evapotranspiration into four processes. The average diurnal cycle of these processes was examined, and their daily means were
calculated and compared in a table.

2.6. Modelling the impacts of different daily irrigation amounts on cooling benefits

In a separate simulation, the model was used to predict the impacts of different daily irrigation amounts, namely 2, 4, 6, 8, 15 and
30 mm, on the cooling benefits provided under non-heatwave summer conditions, using an unirrigated scenario as a reference. Sprin-
kler irrigation was applied daily at 13:00 local time for all six irrigation amounts. The predictions were made using the forcing data of
the model evaluation period (2022-01-28 to 2022-03-06, 38 days). The cooling benefits were calculated as the differences in air, turf
surface and soil temperatures and air vapour pressure between the irrigated and unirrigated scenarios (∆ = irrigated–unirrigated).
The mean daily, daytime (10:00–16:59) and night-time (21:00–05:59) cooling benefits over the whole study period and their 95%
confidence intervals were calculated and compared in plots showing the means and error bars. The significance of the cooling benefits
was calculated using one sample t-tests. An example of the calculation of the cooling benefit of daily mean air temperature is as fol-
lows:

(4)

where is the daily mean air temperature of the irrigated scenario of the study period and the daily mean air
temperature of the unirrigated scenario of the study period.

The workflow of this study is summarised in Fig. 3.

3. Results

3.1. Model evaluation

UT&C predicted the soil moisture content of the irrigated and unirrigated plots well, except after large rainfall events, namely
2022-01-28 (44.4 mm) and 2022-03-05 (45.6 mm) (Fig. 4). Small rainfall events, e.g., 2022-02-18 (0.6 mm), were registered in the
modelled soil moisture content at a depth of 0.05 m, but not measured by the soil moisture sensors at the same depth. The soil mois-
ture content of the irrigated and unirrigated plots (scenarios) decreased during the 2-mm irrigation period. The soil moisture content
of the irrigated plot (scenario) increased during the 4-mm irrigation period up to a maximum soil moisture content of 35%.

The measured air temperatures, vapour pressures and soil temperatures of the three irrigated plots (Fig. S2) and the three unirri-
gated plots (Fig. S3) were similar. Therefore, the mean and standard error of the three replicates were used to compare against the
modelled results (Fig. S10–S11).

UT&C predicted the average diurnal cycle of air temperature of the irrigated plot well (Fig. S10a). However, the magnitude of air
temperature reduction measured at 14:00 due to irrigation was not entirely captured by the model (Fig. S10a). Both the modelled
daytime (10:00–16:59) (Fig. S10b) and night-time (21:00–05:59) (Fig. S10c) mean air temperatures closely followed the measured
ones. The modelled and measured air temperature were highly correlated in the daytime period (R2 = 0.93) and moderately corre-
lated in the night-time period (R2 = 0.69) (Fig. S10 and Table 2). The daytime (night-time) mean bias error and root mean square er-
ror of air temperature were − 1.7 °C (−1.2 °C) and 2.1 °C (2.1 °C), respectively. UT&C over-predicted the vapour pressure of the irri-
gated plot throughout the day (Fig. S10e–h). The modelled and measured vapour pressure were moderately correlated in the daytime
(R2 = 0.73) and night-time (R2 = 0.45) periods (Table 2). The daytime (night-time) mean bias error and root mean square error of
vapour pressure were 0.4 kPa (0.2 kPa) and 0.5 kPa (0.3 kPa), respectively. UT&C predicted the turf surface temperature of the irri-
gated plot well (Fig. S10g–l). However, the sharp reduction at 14:00 due to irrigation was only captured by the measurement but not
the model (Fig. S10g). The modelled and measured turf surface temperature were more highly correlated in the daytime period
(R2 = 0.89) than night-time period (R2 = 0.60) (Table 2). The daytime (night-time) mean bias error and root mean square error of
turf surface temperature were − 1.0 °C (0.9 °C) and 1.7 °C (2.2 °C), respectively. UT&C under-predicted the soil temperature of the ir-
rigated plot, particularly during the night-time (Fig. S10m–p). The modelled and measured soil temperature were moderately corre-
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Fig. 3. Workflow of this study. The 2021 experimental data were used to test the UT&C model and identify the best-fit parameters, which were used in the subse-
quent simulations of 2022. The 2022 experimental data were used for model evaluation for air temperature, vapour pressure, turf surface temperature and soil tem-
perature. From the model evaluation dataset, the irrigation impacts on the surface energy balance and evapotranspiration processes were examined. In a separate
simulation using the 2022's forcing data, we examined the impacts of different irrigation amounts on cooling benefits.

Fig. 4. Comparison of modelled (first soil layer, 0–0.10 m below ground) and measured (0.05 m below ground) daily mean soil moisture content in the model evalua-
tion period (2022-01-28 to 2022-03-06, 38 days). The turf was irrigated 2 mm d−1 from 2022 to 01-28 to 2022-02-07 and 4 mm d−1 from 2022 to 02-08 to 2022-03-06
at 13:00 local time. In the experiment, the 2-mm irrigation occurred from 13:00 to 13:11, and the 4-mm occurred from 13:00 to 13:23. In the simulation, both 2 and
4 mm were applied to the 13:00–13:59 time step.

lated for both daytime (R2 = 0.70) and night-time (R2 = 0.72) periods (Table 2). The daytime (night-time) mean bias error and root
mean square error of soil temperature were − 2.0 °C (−5.2 °C) and 2.6 °C (5.4 °C), respectively.

The performance of UT&C in predicting air temperature (Fig. S11a–d), vapour pressure (Fig. S11e–h) and soil temperature (Fig.
S11m–p) of the unirrigated plot was similar to that of the irrigated plot (Fig. S10). However, UT&C under-predicted the daytime
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Table 2
The performance of UT&C in predicting the daytime (10:00–16:59) and night-time (21:00–05:59) hourly mean air temperature, vapour pressure, turf
surface temperature and soil temperature of the irrigated scenario and unirrigated scenario, as well as the differences between the irrigated and unirri-
gated scenarios. The model performance is evaluated by coefficient of determination (R2 ), mean bias error (MBE) and root mean square error (RMSE).
The evaluation period was from 2022 to 01-28 to 2022-03-06 (912 h).

Daytime (10:00 –16 :59 ) Night-time (21:00 –05 :59 )

Variab le Unit R2 MBE RMSE R2 MBE RMSE

Irrigated Air temp erature °C 0.93 −1 .7 2.1 0.69 −1 .2 2.1
Vapour pressure kPa 0.73 0.4 0.5 0.45 0.2 0.3
Turf surface temp erature °C 0.89 −1 .0 1.7 0.60 0.9 2.2
Soil temp erature °C 0.70 −2 .0 2.6 0.72 −5 .2 5.4

Unirrigated Air temp erature °C 0.92 −2 .1 2.5 0.68 −1 .1 2.1
Vapour pressure kPa 0.73 0.4 0.5 0.45 0.2 0.3
Turf surface temp erature °C 0.88 −3 .2 3.7 0.54 1.4 2.7
Soil temp erature °C 0.66 −1 .5 2.4 0.60 −4 .9 5.1

Irrigated–Unirrigated Air temp erature °C 0.29 0.1 0.3 0.01 −0 .2 1.1
Vapour pressure kPa 0.12 0.1 0.1 0.00 0.0 0.2
Turf surface temp erature °C 0.19 1.5 2.0 0.03 −0 .6 1.5
Soil temp erature °C 0.08 −0 .9 1.0 0.09 −0 .6 1.0

(10:00–16:59) and over-predicted the nigh-time (21:00–05:59) turf surface temperatures of the unirrigated scenario to a larger extent
(Fig. S11g–l and Table 2).

Regarding the differences between the irrigated and unirrigated turf, i.e., the impacts of irrigation, UT&C predicted the reduction
in daytime (10:00–16:59) air temperature well (Fig. 5a–b). The measured and modelled reductions in daytime mean air temperature
were − 0.4 °C and − 0.3 °C, respectively (Table 3). UT&C predicted no impact on night-time (21:00–05:59) air temperature by irriga-
tion, while we measured a small increase in night-time air temperature (Fig. 5a and 6c) (Table 3). UT&C predicted an increase in both
daytime and night-time vapour pressure by irrigation, while we measured almost no impact on vapour pressure (Fig. 5e–h) (Table 3).
UT&C predicted a small reduction in daytime mean turf surface temperature (−0.8 °C), while we measured a large reduction
(−2.3 °C) (Fig. 5g) (Table 3). . UT&C predicted the diurnal variation of soil temperature well (Fig. 5m). The mean bias error and root
mean square error of daytime air temperature were 0.1 °C and 0.3 °C, respectively (Table 2), which were in the same order of magni-
tude of the modelled (−0.3 °C) and measured (−0.4 °C) reductions in daytime mean air temperature (Table 3), and the same applied
to daytime turf surface temperature.

3.2. Modelling the impacts of irrigating turf on surface energy balance and evapotranspiration processes

UT&C predicted that irrigation increased latent heat flux and reduce sensible heat flux and ground heat flux (less energy flowing
into the ground) from approximately 12:00 to 16:59 local time (Fig. 6). At 14:00, irrigation increased latent heat flux by 42.5 W m−2

and reduced sensible heat flux and ground heat flux by 13.8 W m−2 and 22.0 W m−2, respectively. Irrigation did not change the latent
heat flux, sensible heat flux and ground heat flux from 20:00 to 09:59.

UT&C predicted that irrigation increased the daily total evaporation from grass canopy and soil surface by 0.2 and 0.6 mm d−1, re-
spectively (Table 4). Irrigation reduced the daily total transpiration by 0.6 mm d−1. These changes occurred primarily in the two
hours after irrigation (13:00–14:59 local time) (Fig. 7). Irrigation had no impact on the daily total evaporation from ponding surface
water, which is zero in both scenarios (Table 4). Overall, irrigation increased the total evapotranspiration by 0.2 mm d−1 and in-
creased the evaporation to evapotranspiration ratio from 0.06 to 0.30.

The sharp reduction in transpiration in the irrigated scenario occurred from 14:00 to 15:59 local time (Fig. 7c) and coincided with
the modelled increase in intercepted water on leaf surfaces (Fig. 8a). Apart from this period, irrigation also slightly reduced transpira-
tion in other times of the day, which is caused by a smaller leaf-to-air vapour pressure deficit (Fig. 8b) due to a lower modelled leaf
temperature (=turf surface temperature in UT&C) (Fig. 8c).

3.3. Modelling the impacts of different daily irrigation amounts on cooling benefits

UT&C predicted that irrigation of the simulated amounts (2 to 30 mm d−1) would all significantly reduce daytime (10:00–16:59)
mean air temperature (p < 0.05) (Fig. 9a). Irrigating 2, 4, 6, 8, 15 and, 30 mm d−1 at 13:00 local time would reduce daytime mean air
temperature by −0.2 ± 0.0, −0.4 ± 0.1, −0.5 ± 0.1, −0.5 ± 0.1, −0.6 ± 0.1, and − 0.7 ± 0.1 °C, respectively. Irrigation would
significantly increase night-time (21:00–05:59) mean air temperature if the irrigation amounts were ≥ 8 mm d−1. Irrigation of these
amounts would also significantly increase daily, daytime and night-time mean vapour pressure by a small amount (<0.1 kPa)
(p < 0.05) (Fig. 9b). UT&C predicted that irrigation of these amounts would significantly reduce daily and daytime mean turf surface
temperature (p < 0.05) (Fig. 9c). Irrigation of these amounts would also significantly reduce daily, daytime, and night-time mean soil
temperature (Fig. 9d), except for night-time mean soil temperature if irrigation amounts were ≥ 15 mm d−1. Overall, an increasing
daily irrigation amount would lead to a stronger daytime cooling benefit, but the additional cooling benefits would greatly reduce
when the daily irrigation amounts increase beyond 4 mm d−1.
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Fig. 5. Model evaluation that compared the modelled differences between the irrigated and unirrigated scenarios (∆ = irrigated – unirrigated) and the measured
differences between the irrigated and unirrigated plots in (a–d) air temperature, (e–h) vapour pressure (i–l) turf surface temperature, (m–p) soil temperature. The
modelled and measured data were compared in terms of their average diurnal cycles (left column), daytime and night-time daily means (middle column) and scat-
ter plot of hourly means (right column). In the middle column, the broken lines were a time series split into daytime (10:00–16:59, white panels) and night-time
(21:00–05:59, grey panels). The model evaluation period was from 2022 to 01-28 to 2022-03-06.
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Table 3
The measured and modelled impacts of irrigating turf on daytime (10:00–16:59) and night-time (21:00–05:59) mean air temperature, vapour pres-
sure, turf surface temperature and soil temperature.

Daytime (10:00 –16 :59 ) Night-time (21:00 –05 :59 )

Variab le Unit Measured Mode lled Measured Mode lled

Air temp erature °C −0.4 −0.3 0.1 0.0
Vapour pressure kPa 0.00 0.05 −0.01 0.04
Turf surface temp erature °C −2.3 −0.7 0.6 0.0
Soil temp erature °C −0.4 −0.5 0.3 −0.2

Significant impacts (p < 0.05, t-test) are in bold.

Fig. 6. The average diurnal cycle of modelled latent heat flux, sensible heat flux and ground heat flux of the irrigated and unirrigated scenarios. Irrigation was applied
at 13:00, which increased latent heat flux and ground heat flux from 14:00 to 15:59. The data from the model evaluation period (2022-01-28 to 2022-03-06) were
used.

Table 4
Modelled mean daily total evaporation from grass canopy, evaporation from soil surface, evaporation from ponding surface water, transpiration and to-
tal evapotranspiration of the unirrigated and irrigated scenarios, and the difference between them. The data from the model evaluation period
(2022-01-28 to 2022-03-06) were used.

Daily total (m m)

Process Unirrigated scenario Irrigated scenario Irrigated–Unirrigated

Evaporation from grass canopy 0.1 0.3 0.2
Evaporation from soil surface 0.1 0.7 0.6
Evaporation from pond ing surface water 0.0 0.0 0.0
Transp iration 2.9 2.3 −0 .6
Total evapotranspiration 3.1 3.3 0.2

4. Discussion

4.1. Impacts of irrigating turf on surface energy balance and evapotranspiration processes

In this study, both the measurements and the UT&C model agreed that irrigating turf can reduce daytime air and turf surface tem-
peratures. This daytime cooling effect was attributed to an increase in total daytime evapotranspiration. The model predicted that the
increase in daytime evapotranspiration was primarily driven by the increase in evaporation from soil surface and from intercepted
water on the plant canopy. Other studies have also concluded that irrigating urban vegetated surfaces would increase evapotranspira-

10



CO
RR

EC
TE

D
PR

OO
F

P.K. Cheung et al. Urban Climate xxx (xxxx) 101914

11



CO
RR

EC
TE

D
PR

OO
F

P.K. Cheung et al. Urban Climate xxx (xxxx) 101914

Fig. 7. The average diurnal cycle of modelled mean (a) evaporation from grass canopy, (b) evaporation from soil surface, (c) transpiration, and (d) total evapotranspi-
ration. The evaporation from surface water was not plotted because it was always closed to zero. The data from the model evaluation period (2022-01-28 to 2022-03-
06) were used.
◀

Fig. 8. The average diurnal cycle of modelled (a) depth of water intercepted by leaf, (b) leaf-to-air vapour pressure deficit, and (c) turf surface temperature of the irri-
gated and unirrigated scenarios. Irrigation was applied at 13:00, which reduced transpiration from 14:00 to 15:59 because transpiration did not occur on the leaf sur-
face with intercepted water in UT&C. Irrigation also reduced transpiration in other times of the day because it reduced leaf-to-air vapour pressure deficit due to reduced
leaf temperature (=turf surface temperature in UT&C). The data from the model evaluation period (2022-01-28 to 2022-03-06) were used.

tion (Broadbent et al., 2018; Daniel et al., 2018; Gao et al., 2020). Using the Town Energy Balance model, Daniel et al. (2018) pre-
dicted that the increase in daytime evapotranspiration from sprinkler irrigation was primarily driven by an increase in the transpira-
tion of plant (up to 0.2 mm h−1), which was different from the prediction of the UT&C model in the current study. The UT&C model
predicted that sprinkler irrigation would reduce the transpiration of turf for two reasons. First, a fraction of the turf canopy would in-
tercept the water and stop transpiring until the intercepted water is evaporated (Meili et al., 2020). In the UT&C model, the plant
canopy is divided into a wet and a dry fraction after rainfall or irrigation (Deardorff, 1978). Transpiration only occurs on the dry frac-
tion while evaporation occurs on the wet fraction. The wet fraction may be overestimated in the simulations at the 13:00 timestep
when irrigation is applied because part of the sprinkler water is likely to evaporate directly when passing through the air (droplet
evaporation) and may not reach the plant canopy as simulated in the model (Fig. 8a). Second, the vegetated ground surface and grass
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Fig. 9. Modelled impacts of different daily irrigation amount (2, 4, 6, 8, 15 and 30 mm) on (a) air temperature, (b) vapour pressure, (c) turf surface temperature, and
(d) soil temperature. The impacts were calculated as the difference between the irrigated and unirrigated scenarios (∆ = irrigated – unirrigated). The circles repre-
sented the mean impacts in the simulation period. An open circle represented a significant impact (p < 0.05, t-test) while a closed circle an insignificant impact
(p ≥ 0.05, t-test). The error bars represent the 95% confident intervals. The overlapping of two error bars is indicative of an insignificant difference (p ≥ 0.05) be-
tween the two means. The forcing data of the model evaluation period (2022-01-28 to 2022-03-06, 38 days) was used in this simulation.

vegetation canopy is modelled with one temperature, which might lead to a larger decrease in modelled vegetation canopy tempera-
ture (and leaf-to-air vapour pressure deficit) due to ground evaporation than occurring in reality. Transpiration is reduced with a
smaller leaf-to-air vapour pressure deficit (Grossiord et al., 2020). The modelled transpiration rate of the irrigated turf was lower than
that of the unirrigated most of the time (Fig. 7c) although the soil moisture content of the irrigated turf was higher throughout the
simulation period (Fig. 4), indicating that soil moisture was not limiting transpiration in the simulations of the unirrigated plot.

We measured a strong, instantaneous cooling effect from 13:00 to 13:59 which coincided with the irrigation time (13:00–13:23)
(Fig. 6a and g). The measured instantaneous cooling effect was induced by droplet evaporation when the water streams passed
through the air and by evaporation of water intercepted by the turf canopy. Droplet evaporation can contribute to 10% of water loss
in sprinkler irrigation (Molle et al., 2012). The droplet evaporation in this study was likely to be smaller than traditional sprinkler irri-
gation because the nozzles used in this study were designed to produce water streams that were less conducive to droplet evaporation.
Yet, we measured sharp reductions in air and turf surface temperatures during and immediately after irrigation, suggesting that
droplet evaporation could greatly influence microclimate for a short period of time. The reduction in turf surface temperature due to
irrigation was underestimated by the model during the day. The turf surface temperature was simultaneously influenced by the radia-
tion budget, the evapotranspiration of plants and the ground heat flux. Without the measurements of all these terms, it was difficult to
judge which term(s) caused the underestimation. A more comprehensive measurement campaign is needed to identify the main
source of error.

The UT&C model predicted the same instantaneous cooling effect once irrigation had ceased from 14:00 to 14:59. The modelled
instantaneous cooling effect was not induced by droplet evaporation because the UT&C model does not include this. The modelled in-
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stantaneous cooling effect was driven by the evaporation from grass canopy (Fig. 7a) and the soil surface (Fig. 7b). There have been
numerous models developed to predict the direct evaporation during irrigation under different weather conditions for different irriga-
tion methods (Playán et al., 2005). Our experiments suggested that it is necessary to account for droplet evaporation in the climate
model to predict the cooling effect of sprinkler irrigation accurately. Moreover, there was a delayed cooling response of one hour be-
cause the UT&C model first solved the energy budget then the water budget, hence, the irrigation applied at 13:00 only took effect in
the model at 14:00. Finer time steps, e.g., minutes not hours, are required to run the model if the instantaneous cooling effect of irri-
gation needs to be resolved.

In this study, UT&C predicted that irrigation would reduce ground heat flux (less energy flowing into the ground) from 14:00 to
16:59 due to decreased turf surface temperature (Fig. 6). Furthermore, UT&C predicted that irrigation would have almost no impact
on night-time ground heat flux and would not induce night-time warming of air temperature (Fig. 5). However, this is contrary to
most modelling studies that have predicted that irrigation would increase ground heat flux (more energy flowing into the ground)
during the day because wet soils have a higher thermal conductivity (Kanamaru and Kanamitsu, 2008; Vahmani and Ban-Weiss,
2016; Wang et al., 2019). These studies also predicted that wet soils would store more heat during the day and increase night-time air
temperature because more heat is released from the soils at night. Experiment studies confirmed the findings of these modelling stud-
ies (Cheung et al., 2022a; Horton and Wierenga, 1983). Ground heat flux is difficult to model because of the lack of detailed observa-
tional data and the high diversity of soil composition (Kanamaru and Kanamitsu, 2008). Modelling ground heat flux accurately is im-
portant to predict the impacts of irrigation on night-time microclimate because ground heat flux strongly influences the night-time
microclimate when latent and sensible heat fluxes are close to zero (Fig. 8). Ground heat flux has a direct impact on soil temperature
and the underestimation of soil temperature was stronger during night-time than during the day, suggesting that during the day the
ground heat flux reduced the model error. The night-time soil temperature could have been too much influenced by surface cooling.
Direct measurement of ground heat flux is needed to determine whether the underestimation of soil temperature was due to inaccu-
rate modelled ground heat flux.

UT&C predicted that irrigation would increase night-time air temperature only when irrigation amount was ≥8 mm d−1. At a
lower irrigation amount, e.g., 4 mm d−1, irrigation would reduce ground heat flux (less heat flowing into the soils) during the day due
to increased latent heat flux (Fig. 6), causing no night-time warming. As irrigation amount increases to ≥8 mm d−1, both the ground
heat flux and the latent heat flux during the day should increase because of increased thermal conductivity and increased evapotran-
spiration, respectively. The increase in evapotranspiration should be small because atmospheric demand would be the limiting factor
of evapotranspiration but not soil moisture content. The increase in ground heat flux is expected to be higher than the increase in la-
tent heat flux during the day, causing a significant release of soil heat and an increase in air temperature at night. More research is re-
quired to disentangle the dynamics between soil moisture content, soil heat flux and air temperature.

Overall, the edge effect of the experimental plots may contribute to the discrepancy between the modelled and measured surface
energy balance, evapotranspiration, microclimate and soil temperature. Given that the plots were relatively small (6 m × 6 m), the
landscape elements such as trees in the site might change the microclimate of the plots through modifying the wind profile and shad-
ing and change the soil moisture content through roots. UT&C, in contrast, assumes an idealised canyon with infinite length and ho-
mogenous surfaces. The uncertainty in the ERA5 meteorological forcing data also contributes to the large biases in Figs. S10 and S11
between the measured and modelled air temperature. Moreover, UT&C over-predicted vapour pressure in both the irrigated and unir-
rigated scenarios, which was likely due to the underestimation of turbulent exchange of water vapour from within the urban canyon
to the atmosphere above the urban canyon.

4.2. Impacts of different daily irrigation amount on cooling benefits

UT&C predicted that the daily mean air temperature reductions from irrigation would increase when daily irrigation amount in-
creases from 2 to 4 mm but it would not increase greatly beyond 4 mm. This amount is reasonable because the mean reference crop
evapotranspiration in Melbourne's summer is approximately 3.8 mm d−1 (City West Water, 2023). The reference crop evapotranspira-
tion is the evapotranspiration rate of a grass-covered surface that is not short of water (Allen et al., 1998). The reference crop evapo-
transpiration is a function of available energy (net radiation – ground heat flux) at the ground surface, wind speed, air temperature
and vapour pressure deficit. If extreme weather conditions occur such as heatwaves, the reference crop evapotranspiration in Mel-
bourne will increase to >4 mm d−1 and a daily irrigation amount > 4 mm d−1 will induce extra cooling benefits. Broadbent et al.
(2018) used the SURFEX model to predict that the daily mean air temperature reductions would increase almost linearly from 0.5 to
1.8 °C during a heatwave in Adelaide, Australia as irrigation amount increased from 5 to 15 mm d−1. The maximum and mean air
temperatures during the heatwave were 45 °C and 30 °C, respectively. The high air temperature during the heatwave have allowed
more evapotranspiration to occur, inducing a stronger cooling effect of irrigation.

For the urban green spaces in heavily built-up urban areas, daily evapotranspiration may be greatly increased by the advected sen-
sible heat from surrounding dry surfaces (Oke, 1979). The daily total evapotranspiration of a well-irrigated park in Sacramento, USA
was 130% higher than that of a rural irrigated grass site (Spronken-Smith et al., 2000). The air temperature of the park was approxi-
mately 2 °C lower than a nearby paved surface for most of the time during the day. Therefore, the actual daily total evapotranspira-
tion can be higher than the reference crop evapotranspiration in certain urban green spaces. The daily irrigation amount for these ur-
ban green spaces needs to be higher than the reference crop evapotranspiration to induce the strongest possible cooling effect. Some
of the irrigation water will be directly evaporated whilst passing through the air, as well as evaporated from leaf surfaces when inter-
cepted – none of these processes are considered in the reference evapotranspiration calculations but should be maximised for optimal
cooling benefit.
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4.3. Implications for using irrigation to cool urban green spaces

This study has demonstrated that irrigating a small urban green space can significantly reduce daytime air temperature, turf sur-
face temperature and soil temperature under non-heatwave summer conditions in a temperate region. The results are only applicable
to regions that have similar climate to that of Melbourne because the cooling effect of irrigation is highly dependent on background
climate (Cook et al., 2015; Thiery et al., 2017). The cooling effect of irrigation is stronger in regions with a higher air temperature and
lower rainfall in summer (Cheung et al., 2021). Irrigating urban green spaces was estimated to reduce mean summer air temperature
by 2.3 °C in arid hot desert climate (Köppen climate classification: BWh), whereas irrigating urban green spaces might increase mean
summer air temperature by 0.3 °C in Mediterranean dry–warm summer climate (Köppen climate classification: Csb) (Cheung et al.,
2021). It is necessary to take background climate into account when assessing the potential of using irrigation to cool urban green
spaces.

Water supply is another important consideration when using irrigation to cool urban green spaces. Through water sensitive urban
design, non-potable water can be collected and stored in the city to support irrigation. Water sensitive urban designs are the ap-
proaches and technologies that aim to retain water in the urban landscapes to meet different purposes such as irrigation (Coutts et al.,
2013). For example, housing estates can collect and treat their sewage in a centralised system to provide a collective supply of fit-for-
purpose water for irrigation (Gil-Meseguer et al., 2019; South East Water, 2021). De-centralised stormwater storage is also possible
for individual households. Individual households can collect stormwater runoff from their roofs through gutters and pipes, and store
the water in rainwater tanks for future uses (Mitchell et al., 2007). As stormwater harvesting systems become more affordable and ac-
cessible, it is estimated that the new housing projects in Melbourne will increase the city's non-potable water supply by seven times by
2050 (9.8% of the city's water consumption) (Environment and Natural Resources Committee, 2009).

5. Conclusion

The impacts of irrigating an urban green space on microclimate were measured and modelled in this study. The UT&C model can
predict the impacts of irrigating a small, turfed urban green space on air temperature well. Irrigation (4 mm d−1) is predicted to in-
crease total evapotranspiration by increasing the evaporation from water intercepted on the plant canopy (0.6 mm d−1) and the evap-
oration from soil surface (0.2 mm d−1) but also leads to a decrease in transpiration in the hours directly following the sprinkler irriga-
tion due to part of the plant canopy being covered by water. Daytime sensible heat is reduced, causing significant reductions in day-
time mean air temperature (−0.4 °C) and turf surface temperature (−2.3 °C). The impacts of irrigation on night-time microclimate,
surface energy balance and evapotranspiration are small.

Incorporating all evapotranspiration processes into an urban canopy model is crucial for the model to predict the impacts of irri-
gating urban green spaces on microclimate and surface energy balance. The droplet evaporation during sprinkler or nozzle irrigation
needs to be included in urban canopy models because its contribution to total evapotranspiration is sizeable, particular for daytime ir-
rigation. For a turfed urban green space, the daily irrigation amount that can generate the strongest possible cooling effect on an aver-
age summer day without excessive drainage is approximately equivalent to the reference crop evapotranspiration of the background
climate in question (4 mm d−1 in Melbourne).
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